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Cyclic Boosting Machines (CBM)

* Cyclic Boosting — an explainable supervised machine learning algorithm
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Cyclic Boosting - an explainable supervised machine
learning algorithm

Felix Wick *!. Ulrich Kerzel 2, and Michael Feindt *!

lBluv Yonder GmbH (Karlsruhe, Germany)
“IUBH Internationale Hochschule (Erfurt, Germany)

Supervised machine learning algorithms have seen spec- In order to address both the explainability and handling
tacular advances and surpassed human level performance of rare effects, a novel machine learning algorithm called
in a wide range of specific applications. However, using "Cyclic Boosting” is proposed, which is able to learn a
~complex ensemble or deep learning algorithms typically model p(Y|X. d) efficiently and accurately, while allowing
c—vesults in black box models, where the path leading to to precisely follow the path how individual predictions
c~Jjindividual predictions cannot be followed in detail. In were made.
~order to address this issue, we propose the novel "Cyclic As will become apparent below. Cyclic Boosting can be
;“Buustiug“ machine learning algorithm, which allows to effi- categorized as a generalized additive model [2], where the
“ciently perform accurate regression and classification tasks target Y belongs to the family of exponential distributions
i while at the same time allowing a detailed understanding such as the Poisson, Gaussian. or Bernoulli distribution,

__of how each individual prediction was made. together with a suitable link function. As such, the Cyclic
r= Keywords: machine learning, explainable algo- Boosting algorithm can be used in the following three
~rithms, demand forecasting scenarios:
== DOI 10.1109/ICMLA.2019.00067 ’
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B Cyclic Boosting Machines (CBM)
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B Cyclic Boosting Machines (CBM)
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